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What can we
do with
imprecise data
points?
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One possibility:
compute
bounds on the
possible value.
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bounds are not
tight: there
may not be any
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All these

results only

consider the

planar case.
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Can similar
results be
obtained in
higher
dimensions?
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We will give
some details
on the width
problem.
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The directional

width of a

region is
defined by a

pair of vertices.

The sphere of
directions is
subdivided
depending on
which points
define it.

In d
dimensions,
this subdivision
may have
complexity
O(d2).

Rd Sd−1
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Now, how do
we compute
the smallest
width?
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Rd Sd−1
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What about
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least one
direction.
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We can
generalise that
proof to Rd.
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And see you all
in 30 minutes
in the other
session! ,

Thank you for your attention!


